30 6 Vol 30 Na 6

2005 12 JOURNAL OF CH NA COAL SOCIETY Dec. 2005

: 0253 - 9993 (2005) 06 - 0741 - 05

( , 116028)

BP

D441 DA

Analysison main fan first failure tme based on neural network technique

YAN Shan-yu, WANG Hong-de

(College of Environrment Science & Engineering, Dalian Jiaotong University, Dalian 116028, China)

Abstract: Aimed at the reparable characteristic of main ventilated machine systam used in mine, cambined neu-
ron nework techniquewith systam reliability engineering theories, and put foward the method about the system first
failure tme identify model based on the BP neural netvork and the method about systam reliability parameters esti-
mation based on the adaptive neutron netvork The pumpose are b make the mine ventilated system reliability engi-
neering infiltrated acrosswith the artificial intelligence subject theory etc, and inducted the machine learning o the
course of the study on main ventilated machine reliability using in mine, and advanced automatization and intelli-
gentization level o identify systam reliability distribution model and t estmate the parameters
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Fig. 2 ANN model choice training process
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Table2 W eibull distribution randan numbers
1 78.0 5 17.4 9 23.5 13 38.8 17 34.5
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4 15.9 8 22.3 12 28.5 16 33.4 20 51.4
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